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Figure 1 Language modeling performance improves smoothly as we increase the model size, datasetset
size, and amount of compute® used for training. For optimal performance all three factors must be scaled
up in tandem. Empirical performance has a power-law relationship with each individual factor when not
bottlenecked by the other two.

Source:Language Models are Few-Shot Learners, https://arxiv.org/pdf/2005.14165.pdf, 2020
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Abstract

We mvestigaze the poteanal implicaticas of Generative Pre trazed Transformer (GPT) models aad
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1 Introduction
As shown in Figure|[[] recent years, montbs, und weeks have seen remarkable progress in the field of generalive

Al and barpe lngeape models (LEMs), While the pubiic often associates LLMs with vasious iteragions of the
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Exhibit 5: One-Fourth of Current Work Tasks Could Be Automated by Al in the US and

Europe
Share of Industry Employment E xposed to Automation by Al: US

Percent

50 4 46

40

30 4

20 4

Office and Administrative
Support

44

Legal

Architecture and Engineering

Life, Physical, and Social

Science

Business and Financial
Operations

Percent
r 50
F 40
o 23 n ox
2827 26 26 o5 30
19 20
2 11
6 4 10
0
& ¥ 3 T £ 22 E T E 8 3 g B S5 5T B
o z = = £ £
5 § 3 T £ B » £ S Es. B 5 3 8 5 3 o4 B
@ e « E v @ E 2 @ £3 3 [z = b1 £ = 2s
T 2 2 = @ 2 5558 e €2 £ B B sT_ & 4© 8 L@
= =] = ™ c = =T == & 2= = @ = S o o = o m
a = L] = o o L w5 i Eo o = o c B ¢
W - = o 2 mME E= £ uWe 2 €2 > % E=® 55
= 2 = c S £ =8 T - 8 822 28 c =8 BE
s @ = £ & ® 27 ¢ &g = =& E°® S 2x o3
z 5 2 5 = = = - =
z 2 & g§ 3 g2 § § 8 2 5§ Ex
c = ] - = [=
g g 2 e 2 L@ 2 a = P o ®
= m - = L =1 il [=] = =
(=] = — m
= s E = = “ g F o 2 =
O = e 1= CI:J

ERRAIICEEZEDNS
DAODEWVERTE (CRE)

(RO TOPSIRIY/ ESIRNDSEIS)

EBIERIZ(46%)

SEFE(44%)

ISV T(37%)

AERIZE - PIREE - SRR (36%)
= BA75(36%)
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